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Summary
Discipline in schools can be categorized as exclusionary actions, which remove students
from their normal learning setting (for example, out-of-school suspension), or inclusion
ary actions, which do not (for example, afterschool detention). The relationship of exclu
sionary discipline to negative outcomes for students, particularly racial/ethnic minority
students and students with disabilities (Losen, 2014), has raised questions among policy
makers, parents, and other stakeholders about equity in school punishment and whether
alternatives may be employed in response to student offenses.
Every public school and district is required to report disciplinary data at the aggregate level
to the U.S. Department of Education’s Office for Civil Rights.1 Federal guidance from the
U.S. Department of Justice Civil Rights Division and the U.S. Department of Education
Office for Civil Rights (2014) recommends that districts examine those data and review
their disciplinary policies to determine the extent to which exclusionary disciplinary
actions are being used and whether they are being administered disproportionately to sub
groups of students, such as racial/ethnic minority students or students with disabilities.
This report, conducted in collaboration with the Urban School Improvement Alliance,
provides information on how to conduct such an examination and explores differences in
student academic outcomes across the types of disciplinary actions that students receive. It
serves as a blueprint to assist districts with designing and carrying out their own analyses
and engaging with external researchers who are doing the same.
The methods described in this report are designed to answer three core questions:
• What disciplinary actions do students in the district receive and for what offenses?
• Does the district use exclusionary disciplinary actions more frequently for some
subgroups of students than for others?
• Do student academic outcomes differ by the type of disciplinary actions that stu
dents receive?
This report identifies several initial tasks that are important to consider prior to analyzing
student-level disciplinary data:
• Defining all data elements to understand how the district categorizes student
offenses and disciplinary actions.
• Establishing rules to make the analysis transparent (including rules for handling
missing data).
• Determining whether data are missing or inaccurate.
• Defining the unit of analysis: the who or what (students, schools, or offenses) that
is being studied.
• Avoiding disclosure of personally identifiable data.
In addition, this report demonstrates a number of calculations, using fictitious data to cal
culate the number and percentage of:
• Students receiving any disciplinary action.
• Students receiving exclusionary disciplinary action versus inclusionary disciplinary
action.
• Students receiving out-of-school versus in-school suspensions.
• Disciplinary actions for types of major offense.
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Why this report?
Discipline in schools can be categorized as exclusionary actions, which remove students
from their normal learning setting (for example, out-of-school suspension), or inclusionary
actions, which do not (for example, afterschool detention; see box 1 for definitions of key
terms used in the report).
Exclusionary discipline practices have been found to be related to negative outcomes for
students, and furthermore, to be disproportionately applied to particular groups of stu
dents, such as racial/ethnic minorities (see Porowski, O’Conner, & Passa, 2014, for a review
of the literature). In addition, a recent meta-analysis examining over 30 studies reported
that suspensions were significantly associated with lower achievement and higher likeli
hoods of dropping out (Noltmeyer, Ward & McLaughlin, 2015). Removing students from
school on disciplinary grounds increases their risk of dropping out, becoming involved in
the juvenile justice system, and being incarcerated as an adult (Balfanz, Byrnes, &Fox,
2014; Fabelo et al., 2011).
The relationship of exclusionary discipline to negative outcomes for students, particu
larly racial/ethnic minority students and students with disabilities, has raised questions
among policymakers, parents, and other stakeholders about equity in school punishment
and whether alternatives may be employed in response to student offenses (Noltmeyer,
Ward & McLaughlin, 2015; Losen, 2014; Fabelo et al., 2011). For example, New York State’s
attorney general investigated the Syracuse City School District for overusing out-of-school
suspension, particularly for racial/ethnic minority students and students with disabilities
(Losen, 2014), leading to a formal agreement in which the district agreed to undertake
steps to address the issue (Seager, Madura, Cox, & Carey, 2015).
In addition, the federal government has made school discipline and its relationship
to equity, student success, and school safety a priority topic.2 In January of 2014, citing
research connecting exclusionary discipline (such as suspension) and the negative out
comes mentioned above, the U.S. Department of Justice Civil Rights Division and the
U.S. Department of Education Office for Civil Rights jointly issued a “Dear Colleague”
letter outlining local education agencies’ obligation to review their discipline policies and
practices for unnecessary reliance on exclusionary discipline and asking whether such dis
cipline is administered disproportionately to certain groups, such as racial/ethnic minority
students and students with disabilities (U.S. Department of Justice Civil Rights Division
and U.S. Department of Education Office for Civil Rights, 2014).3 This report emerged out
of districts’ need for support and information related to conducting the types of analyses of
disciplinary data specified in that letter.
Along with the federal attention to school discipline, there is concern among districts in
states served by Regional Educational Laboratory (REL) Northeast & Islands about the
use and disproportionality of disciplinary actions. For example, the use of exclusionary
disciplinary actions, particularly in urban schools serving large proportions of racial/ethnic
minority students from lower-income communities, has become the subject of both investi
gation and analysis for Urban School Improvement Alliance member districts. The Urban
School Improvement Alliance is one of the eight alliances served by REL Northeast &
Islands and comprises research and data leaders from midsized urban districts in Con
necticut, Massachusetts, New York, and Rhode Island. Several representatives of alliance
1
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Box 1. Key terms
Disciplinary terms
Disciplinary action. An action taken by the school administration in response to a specific
student offense. For example, lunch detention for the student offense of using verbal profanity
toward a teacher.
Exclusionary discipline. A disciplinary action that removes a student from his or her normal
learning setting. For example, out-of-school suspension (National Clearinghouse on Supportive
School Discipline, 2014).
Expulsion. A type of exclusionary discipline that removes a student from his or her normal
learning setting for the remainder of the school year or longer, depending on the policy of the
local education agency. The student’s educational services could continue (for example, at an
alternative school) or cease during this time (U.S. Department of Education, 2016b).
Inclusionary discipline. A disciplinary action that does not remove a student from his or her
normal learning setting and results in no loss of instruction time. For example, afterschool
detention. Also referred to as nonexclusionary discipline (National Clearinghouse on Support
ive School Discipline, 2014).
In-school suspension. A disciplinary action that temporarily removes a student from his or her
classroom or classrooms for at least half a day and keeps him or her under the supervision of
school employees. Not all in-school suspension is inclusionary because it may result in loss of
instruction time (U.S. Department of Education, 2016b).
Out-of-school suspension. A type of exclusionary discipline that excludes a student from school
for one school day or longer (U.S. Department of Education, 2016b).
Student offense. A violation of school rules committed by a student.
Data terms
Composition index. A comparison of the percentage of a subgroup of students receiving a
certain disciplinary action to their percentage of the total student enrollment. For example, if
White students constitute 60 percent of suspensions, but make up only 40 percent of the total
enrollment, their composition index would be 60/40 = 1.5 (The Equity Project, 2015).
Discipline rate per 100 students. The number of disciplinary actions per 100 students. It is
calculated by dividing the number of disciplinary actions a student subgroup receives by the
total enrollment of the subgroup and multiplying by 100. For example, if 100 Black students
are suspended and there are 200 Black students total, the discipline rate per 100 students is
(100/200) x 100 = 50 (McIntosh, Barnes, Eliason & Morris, 2014).
Outlier. A value in a data set that is very different from the other values in the data set (usually it is
much larger or much smaller, or falls outside a valid range of answers) (The Equity Project, 2015).
Relative risk ratio (also known as risk ratio). The ratio between the rate at which one student
subgroup receives a disciplinary action to the rate at which another student subgroup does. A
relative risk ratio is calculated by dividing the rate at which one student subgroup receives a
disciplinary action by the rate at which another student subgroup does. For example, if the risk
rate for Black students is 40 percent and the risk rate for White students is 20 percent for a
(continued)
2

Box 1. Key terms (continued)
specific disciplinary action, the risk ratio for this action for Black students to White students
would be 40/20 or 2:1 (The Equity Project, 2015).
Risk difference. The difference between the rate at which one student subgroup receives a
disciplinary action and the rate at which another student subgroup does. A risk difference is
calculated by subtracting the rate at which one student subgroup receives a disciplinary action
by the rate at which another student subgroup does. For example, if the risk rate is 40 percent
for Black students and 20 percent for White students for a specific disciplinary action, the risk
difference is 20 percentage points. (U.S. Department of Education, Data Accountability Center,
2011).
Risk rate. The percentage of students who experience a certain event. A risk rate is calcu
lated by dividing the number of students experiencing a certain event by the total number of
students enrolled. For example, if 50 White students are suspended out of 100 total White
students enrolled, the risk rate is 50/100 = 50 percent (McIntosh et al., 2014).
Risk index. A risk index is a table made up of the risk rates for student subgroups (such as
by disability status, race/ethnicity, gender, or other protected status). The risk index allows for
comparison of the risk rate for each student subgroup in the analysis (Losen, 2014).
Unduplicated counts. Each student or occurrence is counted only once. For example, in an
analysis of students who were suspended, in an unduplicated count a student who was sus
pended multiple times would only be counted once (U.S. Department of Education, 2016b).
Unit of analysis. The level of analysis, also described as the entity (the who or what) being
studied. For example, in analyzing a student-level data file to identify the factors that predict
student suspensions, the unit of analysis would be the individual student. In analyzing
school-level data to identify factors that predict school use of suspension, the unit of analysis
would be the school (What Works Clearinghouse, 2016).

member districts have expressed a desire for information on ways to prepare and analyze
their student-level disciplinary data.
Districts can examine their own data to assess how often they are using exclusionary dis
ciplinary actions, particularly for minor student offenses, whether policies or practices for
addressing such infractions appear to be targeted toward certain types of students, and
how disciplinary actions correlate with academic outcomes. Although analyses of associ
ations between disciplinary actions and outcomes may not support a causal link between
actions and outcomes, they may point to potential impacts and could inform the need for
future research, including examination of alternative ways to address negative behaviors.
This report offers a blueprint to assist districts in examining their student-level disciplinary
data and engaging with external researchers who are doing the same. It is designed to
answer three core questions, using data that districts are likely already collecting:
• What disciplinary actions do students in the district receive and for what student
offenses?
• Does the district use exclusionary disciplinary actions more frequently for some
subgroups of students than for others?
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•

Do student academic outcomes differ by the type of disciplinary actions that stu
dents receive?

Although the focus is district disciplinary data, the analyses in this report can also be used
to examine disciplinary data for a single school or an entire state.

Before starting
Analysts may want to consider how they will obtain the components necessary to conduct
the analyses outlined in this report:4
• A student-level data file—that is, a file with a record for each student—that
includes data on student demographics, student offenses, disciplinary actions, and
academic performance.
• A simple “flat” file (a data file that is considered binary, contains no structured
relational data, and can be analyzed on its own), such as a spreadsheet where each
row represents a single student observation and each column represents a single
student variable (for example, student offense or subsequent disciplinary action).
Such a flat student-level data file can be aggregated at any number of unit levels
(including the school and district level).
• A statistical software package. Common examples include Excel, Stata, SAS,
SPSS, and R. This report provides syntax and screenshots for SPSS; however,
many of the analyses presented in this report may be computed using the other
programs listed above.
In addition, analysts may want to focus initially on data for a single academic year. Districts
may have access to longitudinal student data, but it is likely more useful to first examine
one year of data before undertaking more complex longitudinal analyses. It is recommend
ed that analysts use a census of all district students or all students in a middle school or a
high school. Using a census rather than a sample means that, from a research perspective,
there is no need to estimate standard errors or confidence intervals or to conduct statistical
significance tests in order to make inferences from the sample to the population.

Understanding and checking data
This section describes five considerations that apply generally to disciplinary data that are
important to take into account before starting any analysis (box 2).
Define all data elements to understand how the district categorizes student offenses and
disciplinary actions

Unlike serious offenses such as drug possession or violence resulting in injury, which are
defined by objective criteria, less serious offenses may not be characterized by specific
behaviors and therefore may be indicated by vague descriptors. This means that educators
may have discretion in how these behaviors are identified and disciplined. Some research
ers have argued that more subjective descriptors can contribute to disproportionate disci
plinary treatment of certain student subgroups, such as racial/ethnic minority students and
students with disabilities, because determinations made on the basis of subjective descrip
tors are more vulnerable to the influence of implicit bias (Losen & Orfield, 2002; Morgan
et al., 2014; Staats, 2014). King, Harris-Murri, and Artiles (2006) recommend that districts
4
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Box 2. Disciplinary data checklist
Analysts can use a checklist of guiding questions to monitor their work. Questions may include:
• Are behaviors warranting disciplinary actions clearly defined?
• Are disciplinary actions associated with student offenses clearly defined?
• What is the population of interest?
• Are there clearly defined rules for:
• Ensuring transparency?
• Dealing with missing or inaccurate data?
• Checking accuracy of data entry?
• Are personally identifiable data sufficiently suppressed?

provide clear definitions of behaviors that warrant disciplinary actions, and the appropri
ate responses to be taken, to reduce disciplinary problems that arise and escalate because
of cultural misunderstandings.
To inform this report, the study team asked members of the Urban School Improvement
Alliance what disciplinary data each member district collects. To determine the relative
consistency of the data, each member was asked to provide information on the types of
data on student offense and disciplinary action that his or her district collects. Respons
es were received from eight members (see appendix A). In categorizing some of the less
serious offenses, some districts included such vague descriptors as “disrespect,” “defiance,”
and “disorderly conduct” (table 1). For educators, teachers, and parents in the district to
know exactly what is being captured by the data, more explicit definitions about both the
student offense and disciplinary action are needed.
Establish rules to make the analysis transparent

Another important consideration is establishing rules to make the analysis transparent,
such as defining the population and describing how changes in a student’s status during the
year will be handled in the data file and data analyses. For example, how will students who
drop out during the year who received a disciplinary action be handled? What if students
Table 1. Categorizations of some less serious student offenses with subjective
descriptors, by district
Disrespect

Disruptive
behavior

Inappropriate
behavior

1

●

●

●

2

●

●

3

●

4

●

●

●

5

●

●

●

6

●

●

District

Insubordination

Disorderly
conduct

Defiance

Causing
disturbance

●

●

●

●
●

●

Note: A dot indicates that the district records the offense category. Although data were collected from eight
member districts, only six are included, because one district explicitly discourages the use of vague offense
categories and one district did not provide its less serious offense categories. District names are not included
to preserve confidentiality.
Source: Authors’ analysis based on data from members of the Urban School Improvement Alliance.
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switch from general education to special education during the year? (See appendix B for
suggested strategies for handling these and other possible data error issues.)
Determine whether data are missing or inaccurate

At the data analysis stage, data will be present or missing, and, if present, accurate or
inaccurate. There are two primary reasons that data systems have missing or inaccurate
data: data are not entered into the system at all or data are incorrectly recorded—and both
can be challenging to address at the analysis stage. The implications of both are described
below.
Data are missing because they are not entered into the system at all. Data that are not
entered into the system at all may show up as zeroes or missing data, which provides an
incomplete picture of offenses and discipline and can lead to misinterpretation of the data
and underestimates of frequency of occurrence. Such errors may occur more frequently when
data are not collected, reported, or used on a regular basis (Allison, 2001; Losen, 2014).
One strategy to identify this problem is for analysts to review the data file and determine
whether frequencies and prevalence of offenses and disciplinary actions match the expe
riences of school staff. Descriptive statistics (such as variables’ means and their minimum
and maximum values) can be used to investigate whether there are potential missing data;
however, additional information is necessary to determine whether the data are actually
missing. For example, if data are available from surveys of students about their behavior,
districts could review whether student offense data from the official records are similar to
student self-report data. Several other checks can verify data and the extent of missing
data before beginning analysis (see appendix B). If it can be confirmed that a zero refers to
a missing data value rather than an actual zero value, it can be recoded as missing.
Data are collected or recorded incorrectly. Schools often collect their own disciplinary
data, and methods for collecting data may vary—even among schools in the same district.
For example, the role of the person who enters data into the system or who has permission
to revise it may differ across schools. Disciplinary data can be incorrectly recorded when
the wrong code for an offense is used, when data are copied inaccurately from a paper form,
or when open-ended data are coded into discrete categories. Incorrectly recorded data may
result in erroneous outliers in the data. For example, if a student receives a one-day sus
pension, but the length is double keyed, the data file would indicate an 11-day suspension.
This is an extreme example that may skew the results. Disciplinary data on students might
be intentionally misreported because of certain incentives; this has occurred in other areas
of education, as when test scores have been tampered with to meet student achievement
goals (Bidwell, 2015; U.S. Department of Education Office of Inspector General, 2007).
Several data checks, such as examining the source of the original data, can help identify
errors that occurred in data recording.
Define and refine the unit of analysis

When working with disciplinary data, it is important to define and refine the unit of analysis
—that is, to be clear about what is being analyzed. For example, is the focus the number
of out-of-school suspensions? Or is the focus which students are receiving out-of-school sus
pensions? Answering the first question means looking at the number of suspensions without
6
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regard for the number of students—meaning that the suspension is the unit of analysis and
acknowledging that some students may receive multiple suspensions and will thus appear mul
tiple times in the analysis. Answering the second question means looking at the number of
students suspended—meaning that the student is the unit of analysis and that each student
is counted once in the analysis, regardless of the number of suspensions (often referred to as
unduplicated counts). This analysis provides information on students’ risk of suspension.
Whether students or suspensions are the unit of analysis has ramifications for analysis and
interpretation. For example, the analyst has to determine whether to combine out-of-school
and in-school suspensions or to track the two types of suspension separately. Although
there may be value in understanding data on total suspensions (for example, when con
sidering overall discipline rates or trends), learning about the prevalence of both in-school
suspension and out-of-school suspension would require the analyst to examine the two
types of suspension separately. Out-of-school suspensions involve loss of instruction time
and are considered to be more intrusive and harmful than most in-school suspensions
(Losen, 2014; Morgan et al., 2014). Unlike out-of-school suspensions, in-school suspensions
are more likely to allow students to receive continuing instruction and support (Blomberg,
2004). It is also important to be aware that a low rate of out-of-school suspensions may
occur alongside a high rate of in-school suspensions (Losen, 2014).
Regardless of whether students or disciplinary action are the unit of analysis, the analyst
will confront the issue of how to handle multiple offenses within the same incident. For
example, fighting over drugs may be entered in some district data systems twice: as a fight
ing offense and as a drug offense. A common strategy is to count the incident only once,
for example, by including in the analysis only the most serious offense within any incident
that has multiple offenses.
Avoid disclosure of personally identifiable data

Finally, it is important to avoid disclosure of personally identifiable data. Doing so requires
determining the minimum number of students to be reported in a publicly available table
(U.S. Department of Education, 2010). Although reporting standards vary, many states
follow a rule not to publicly report on any cell in a table that has fewer than 10 students
(U.S. Department of Education, 2010). Districts may want to follow this rule if the analysis
will be publicly available. The primary concern is that reporting on such a small number of
students may indirectly identify a particular student.

How to determine the disciplinary actions that
students in a district receive and for what offenses
After understanding and checking data, the next step in analyzing student-level disci
plinary data is determining what types of offenses are being committed, what disciplinary
actions are being used, and how many students are affected. This section illustrates how to
make those determinations using four calculations of the number and percentage of:
• Students receiving any disciplinary action.
• Students receiving exclusionary disciplinary action versus inclusionary disciplinary
action.
• Students receiving out-of-school versus in-school suspensions.
• Students receiving disciplinary actions for types of major offense.
7
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Calculating the number and percentage of students receiving any disciplinary action

A first step is to gauge the prevalence of students who experience any disciplinary action
during the year. The results illustrate how many students (number and percentage) did or
did not receive at least one disciplinary action (see appendix C for the syntax for SPSS for
running frequency analyses). Using fictitious data for an example district with 1,000 stu
dents, the calculation shows that 381 students, or 38.1 percent of students in the district,
received a disciplinary action (table 2).
Calculating the number and percentage of students receiving exclusionary disciplinary action versus
inclusionary disciplinary action

A second step is to examine the types of disciplinary actions among students receiving
any type of disciplinary action. Districts may collect a wide range of data on disciplinary
actions, ranging from relatively minor disciplinary actions, such as afterschool detention,
to more serious punishment, such as referrals to the police. Districts often classify these
disciplinary actions into numerous categories. For example, the number of disciplinary
action categories for Urban School Improvement Alliance districts ranged from 19 to 39
(see table A1 in appendix A). Because of this range, it is often difficult to compare types
of disciplinary action across schools and districts, and analyses fail to provide policy- and
practice-relevant information for district leadership and other stakeholders. Therefore,
when there are a large number of disciplinary action categories, it may be appropriate to
consolidate them into a more manageable number (for example, exclusionary disciplinary
actions, such as out-of-school suspension and expulsion, and inclusionary disciplinary
actions, such as afterschool detention and in-school suspension). Because exclusionary dis
ciplinary actions typically result in a loss of instruction time and inclusionary disciplinary
actions may hold potential for positive supports (Blomberg, 2004),5 examining the two
types of disciplinary actions allows for comparison.
On the basis of fictitious data for both exclusionary and inclusionary disciplinary action
categories, the number of students in each category was counted and divided by 381, the
number of students who received any disciplinary action. A student is unduplicated within
each type of disciplinary action (that is, a student who received multiple exclusionary pun
ishments is counted only once in the exclusionary disciplinary action category) but can
be duplicated across types (that is, the 132 students who received both an exclusionary
and inclusionary disciplinary action during the academic year are counted in both the
exclusionary and inclusionary disciplinary action categories). Thus, 36.2 percent of stu
dents who received any disciplinary action received at least one exclusionary disciplinary
action (table 3).
Table 2. Students with at least one disciplinary action in the last academic year,
fictitious data
Total enrolled students
(n = 1,000)
At least one disciplinary action

Number

Percent

Yes

381

38.1

No

619

61.9

Source: Authors’ analysis based on fictitious data.
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Table 3. Types of disciplinary action received, among students who received any
disciplinary action in the last academic year, fictitious data
Students who received any disciplinary action
(n = 381)
Type of disciplinary action

Number

Percent

Exclusionary

138

36.2

Inclusionary

375

98.4

Note: Students are unduplicated within type of disciplinary action.
Source: Authors’ analysis based on fictitious data.

Calculating the number and percentage of students receiving out-of-school versus in-school
suspensions

A third step to better understand the use of inclusionary and exclusionary suspension is
to conduct a frequency analysis of both types of suspension. There can be variance in
how many days a student spends in out-of-school suspension, so the analysis could also
include the frequencies of students receiving one day of out-of-school suspension and those
receiving more than one day. There is also variance in in-school suspension, such as in
how much instruction time is lost (for example, in sitting in the principal’s office), but a
district’s data system may not capture that.
In this instance, it may be appropriate for districts to count only the most serious disci
plinary action a student receives in each type so that the results are unduplicated within
category (but duplicated across categories, such as exclusionary and inclusionary). The
fictitious data indicate that 20.4 percent of enrolled students received an in-school sus
pension during the last academic year, nearly twice as many as received an out-of-school
suspension of one day (10.9 percent) or longer (2.9 percent; table 4).
Calculating the number and percentage of students receiving disciplinary actions for types of major
offense

To consider the types of disciplinary actions administered for different types of student
offenses, another type of frequency analysis, commonly referred to as a cross-tabulation
(also known as a contingency table) can be used. In a cross-tabulation, two variables (in
Table 4. Students with suspensions by type in last academic year, fictitious data
Total enrolled students
(n = 1,000)
Type of disciplinary action

Number

Percent

109

10.9

29

2.9

0

0.0

In-school suspension

204

20.4

Other inclusionary discipline

171

17.1

Exclusionary
Out-of-school suspension
One day
More than one day
Other exclusionary discipline
Inclusionary

Source: Authors’ analysis based on fictitious data.
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this instance, disciplinary actions and types of offenses) are examined together to report
the number of cases that simultaneously fall into the various categories.
Because the number of offenses and disciplinary actions collected by a district can be
large, a cross-tabulation of offenses and disciplinary actions could be unwieldy and difficult
to interpret and might include categories that have few students and cannot be reported
because of confidentiality concerns. It is important to consider the steps below before con
ducting such an analysis.
It is essential first to determine how many categories of offenses and disciplinary actions
will be useful in the analysis, based on the questions that need to be answered. Second,
these offenses and disciplinary actions can be categorized into major or most common
groups. For example, the focus can be one or two offenses, such as bullying or disobedi
ence, and major disciplinary action, such as in-school and out-of-school suspensions. This
decision can be made in consultation with key stakeholders in the district familiar with
the data, such as administrators and school staff, so that everyone understands what types
of offenses and disciplinary actions the larger categories include and why some breakdowns
are not made public (because of small cell sizes, for example). Alternatively, the most
common offense and disciplinary action categories (such as the top five) that account for
the vast majority of cases could be used, with an “other” category to capture the remaining
offenses or disciplinary actions that represent fewer students. The resulting report should
be explicit about how broader categories were created and what disciplinary actions and
offenses are represented by each broader category.
In an example using broad categories for analysis of fictitious data, nearly all student misbe
havior during the year is categorized into eight common student offense categories (includ
ing fighting, truancy, drugs, and theft; table 5). Disciplinary actions are collapsed into two
categories: exclusionary and inclusionary. To make the example easier to follow, the analy
sis uses a rate based on the number of disciplinary actions per 100 students for each offense
type. This rate is calculated by dividing the number of students receiving the disciplinary
Table 5. Disciplinary actions by offense and type of disciplinary action, fictitious data
Total
disciplinary actions
(n = 957)

Offense
Disruptive behavior

Number

Rate
per 100
students

221

22.1

Exclusionary
disciplinary actions
(n = 536)

Number
97

Inclusionary
disciplinary actions
(n = 410)

Rate
per 100
students

Number

Rate
per 100
students

9.7

124

12.4
4.0

Drugs

103

10.3

63

6.3

40

Fighting

156

15.6

110

11.0

46

4.6

Harassment

116

11.6

56

5.6

60

6.0

78

7.8

70

7.0

189

18.9

87

8.7

Theft
Truancy
Weapon

41

4.1

38

3.8

Other

53

5.3

15

1.5

Note: Total student enrollment is 1,000 students.
a. Suppressed because there are fewer than 10 cases.
Source: Authors’ analysis based on fictitious data.
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action by the number of total students enrolled, and multiplying by 100. The fictitious data
indicate that the two most common offense categories for exclusionary disciplinary actions
are fighting and disruptive behavior.
In this example, the total number of disciplinary actions is counted. Because one student
may be counted in more than one offense category, the total number of disciplinary actions
approaches the total number of students enrolled in the school. This table enables analysts
to view what types of offenses occur most frequently, and the resulting disciplinary actions
for each offense.

How to determine whether a district uses exclusionary disciplinary
actions more frequently for some subgroups of students than for others
Districts may want to examine whether exclusionary disciplinary actions are used more
frequently for certain subgroups of students. Presenting the results to stakeholders such as
teachers, administrators, parents, and other local stakeholders in an intuitive, understand
able way requires considering the metrics that will be used.
This section provides suggestions on the following:
• Determining student subgroups for analysis.
• Calculating risk indices.
• The challenge of small cell sizes.
• Calculating the risk rate for different disciplinary actions by racial/ethnic subgroup.
• Calculating the frequency of different disciplinary actions and offense types by
student racial/ethnic subgroup.
Determining student subgroups for analysis

The first step is to determine what student subgroups are to be included in the analysis.
Although the research literature indicates that exclusionary discipline may be influenced
by a number of factors (Skiba et al., 2014), federal guidance recommends that districts focus
on protected student subgroups (U.S. Department of Justice Civil Rights Division and U.S.
Department of Education Office for Civil Rights, 2014), such as those distinguished by
race/ethnicity, gender, and disability status. The examples here focus on race/ethnicity as a
protected student subgroup.
The second step is to produce enrollment frequency counts and percentages for protected
student subgroups, such as race/ethnicity. The enrollment totals are needed for some of the
analyses discussed later.
Calculating risk indices

A third step is to determine what risk index to use to establish whether there are dis
proportionate disciplinary actions toward student subgroups. There are several options
for presenting results: the U.S. Department of Education Office for Civil Rights currently
publishes reports that include several different measures for disciplinary data (U.S. Depart
ment of Education Office for Civil Rights, 2016a), which are discussed in this section to
help districts understand the benefits and limitations of each. It is advisable to use multiple
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indices, as several have limitations under certain data conditions that could lead to misin
terpretation of results if used in isolation.
All the options rely on three steps to create risk rates (the steps can be applied both to the
total student population and to the specific student subgroups):
• Identify the number of students enrolled, in total and by subgroup.
• Identify the total number of students receiving a particular disciplinary action
(such as out-of-school suspension).
• Divide the number of students receiving the disciplinary action by the total
number of students enrolled to produce a percentage.
Calculating the simple risk rate. To calculate a risk rate, divide the number of students
receiving a disciplinary action by the total number of enrolled students. For example, con
sider a school with 1,000 students enrolled, 100 of whom received out-of-school suspen
sions. The risk of any student receiving at least one out-of-school suspension during the
school year is 10 percent.
Creating the risk index. The risk index comprises the risk rates for certain student sub
groups and allows for comparison of the risk rate for each student subgroup in the analysis.
For example, suppose that 1,000 students are enrolled, of whom 400 are White and 200
are Black. Suppose that during the year 50 White students and 50 Black students were sus
pended. Using the risk index table, the risk rate for White students would be 12.5 percent
(50/400) and the risk rate for Black students would be 25 percent (50/200; table 6). The fic
titious data indicate that the risk for receiving out-of-school suspension is higher for Black
students (25 percent) than for White students (12.5 percent). A more detailed risk index
can be created to further disaggregate the results—for example, the risk for suspension by
race/ethnicity with disability status. From such a risk index, risk differences and risk ratios
can be easily calculated as described below. (Note that tables 6–9 and figure 1 are designed
to illustrate how to create these indices, and the data in them are not the same as in the
fictitious data in tables presented elsewhere in this report.)
Risk differences or gaps. Gaps or differences in risk rates (using the risk index) can be
used to analyze disproportionality. To examine the discipline gap, risk rates are com
pared across student subgroups, and the gaps between any two subgroups can easily be
calculated by subtracting one rate from the other (Losen, 2014). This is similar to the way
to calculate a racial/ethnic achievement gap. For example, using fictitious data, the risk
rate is 25 percent for Black students and 12.5 percent for White students (table 7). After
Table 6. Risk index, showing risk rate calculations and risk rates across subgroups,
fictitious data
Category
Total enrollment
Number of students
receiving out-of-school
suspensions at least once
Risk formula
Risk rate (percent)

Black

White

200

400

Hispanic
400

All
1,000

50

50

38

138

50/200

50/400

38/400

138/1,000

25

12.5

9.5

13.8

Source: Authors’ analysis based on fictitious data.
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Table 7. Risk difference calculation, fictitious data
Category
Total enrollment
Number of students receiving out-of-school
suspensions at least once
Risk formula

Black

White

200

400

50

50

50/200

50/400

25

12.5

Risk rate (percent)
Risk difference (gap) (percentage points)

25 – 12.5 = 12.5

Source: Authors’ analysis based on fictitious data.

subtracting one risk rate from the other, the risk gap is 12.5 percentage points. One benefit
of a risk difference is that it provides a clear comparison in absolute percentage points
between two different rates. It is an easily interpreted starting point for considering dif
ferences between subgroups. One limitation to a risk difference is that for low probability
events, the risk difference is not as sensitive—for example, if 4 percent of one subgroup is
suspended and 1 percent of another subgroup is suspended, the risk difference would be
3 percentage points, which looks small, even though members of the first subgroup are four
times as likely as members of the other group to be suspended.
A relative risk ratio. A relative risk ratio enables comparing the rate at which one student
subgroup receives a disciplinary action to the rate at which another does. To calculate the
relative risk ratio, it is necessary to first determine the risk rates and then divide the rate at
which one subgroup receives a disciplinary action by the rate at which another subgroup
does. Using fictitious data, the risk ratio for Black students relative to White students is 2:1
(table 8). This means that for every White student who receives an out-of-school suspen
sion, two Black students receive an out-of-school suspension.
There are several limitations to risk ratios. First, high ratios are possible even when the
underlying risk for each of the comparison subgroups is low. For example, a relative risk
ratio of 2:1 could be found in a district with few suspensions or a district with many sus
pensions. In figure 1 the fictitious data produce the same risk ratio for four districts, even
though in city A the rate of out-of-school suspensions is 80 percent for Black students and
40 percent for White students, while in city D the rate is 20 percent for Black students and
10 percent for White students. Both yield a risk ratio of 2:1, even though the absolute racial
gap is much larger in city A.
Table 8. Risk ratio calculation, fictitious data
Category
Total enrollment
Number of students receiving out-of-school
suspensions at least once
Risk formula
Risk rate (percent)
Risk ratio equation (percent)

Black

White

200

400

50

50

50/200

50/400

25

12.5

Risk for Black students / risk for White students
= 25 / 12.5

Risk ratio

2:1

Source: Authors’ analysis based on fictitious data.
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Figure 1. Risk ratio is relative, fictitious data
Risk rate for out-of-school suspension
100

Black students

White students

75

50

25

0

City A

City B

City C

City D

Source: Authors’ analysis based on fictitious data.

Second, relative risk ratios do not indicate whether a disciplinary action is used often or
rarely, which may be an issue if the goal is to discover whether large differences are driven
by potentially excessive or unnecessary disciplinary actions. Third, because risk ratios
depend on division, if the comparison subgroup has no suspended students, a ratio cannot
be calculated. This may be the case for some elementary schools. The risk ratio should not
be relied on as a primary measure for understanding disproportionality in the district but
should be used in conjunction with other metrics, such as the risk difference.
Discipline rate per 100 students. Another useful metric is the discipline rate per 100 stu
dents. It is calculated by dividing the total number of disciplinary actions that the student
subgroup received by the total enrollment for the student subgroup and multiplying by 100.
For example, the fictitious data in table 9 indicate that the rate of out-of-school suspen
sions is 25 for every 100 Black students and 12.5 for every 100 White students (table 9).
The composition index. A composition index compares the percentage of a subgroup
of students receiving a particular disciplinary action to their percentage of total student
enrollment. For example, if White students make up 40 percent of the population but
receive 60 percent of suspensions, their composition index would be 1.5 (60/40). A com
position index of 1.0 indicates that a student subgroup receives the same percentage of dis
ciplinary actions as its percentage of total student enrollment; a composition index of less
than 1.0 indicates that the student subgroup receives a smaller percentage of disciplinary
Table 9. Discipline rate per 100 students calculation, fictitious data
Category

Black

White

200

400

50

50

50/200 × 100

50/400 × 100

25

12.5

Total enrollment
Number of out-of-school suspensions
Rate per 100 students formula
Rate per 100 students
Source: Authors’ analysis based on fictitious data.
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actions than its percentage enrollment, and a composition index greater than 1.0 indicates
that the student subgroup receives a larger percentage of disciplinary actions than its per
centage enrollment.
The composition index has several limitations. First, it does not indicate whether the
overall use of suspension is frequent or rare. Second, it has mathematical limitations. For
example, if the highest suspended subgroup also represents a significant majority of the
total enrollment (85 percent or more), a composition index method may not be a useful
comparison among subgroups (Losen, 2014). For example, in a district where White stu
dents account for 90 percent of enrollment and have a 45 percent out-of-school suspension
rate, these students would have a composition index of 0.5; if in the same district Hispanic
students account for 4 percent of enrollment and have a 2 percent out-of-school suspension
rate, they would have the same composition index (0.5). Thus, the composition index is
the same for each subgroup, even though White students account for nearly half the out
of-school suspensions, while Hispanic students account for only 2 percent. Therefore, the
composition index is not recommended as the primary measure for identifying dispropor
tionality. If the composition index is presented, it may be a supplemental measure used in
conjunction with one or more of the other metrics presented here.
The challenge of small cell sizes

A particular issue that challenges all analyses, especially those involving disproportion
ality, is the small cell problem. A small cell problem occurs when only a few cases (stu
dents or disciplinary actions) appear in one cell of a table. This often occurs in data on
subgroups, as there are fewer cases per category—for example, few students in a subgroup
of interest or few students receiving a particular disciplinary action. It is important to use
caution in interpreting very small cell sizes. For example, if only two Black students are
enrolled and both are suspended, the fact that 100 percent of Black students were suspend
ed may lead to an inaccurate conclusion about disproportionality of disciplinary actions.
One strategy for dealing with such a situation is to examine data over multiple years. If the
pattern for Black students appears every year (that is, the few Black students in the school
are suspended every year), there may be a systemic issue rather than a statistical anomaly.
Another problem with a small cell size is that it may allow individual students to be per
sonally identified from their personal characteristics (for example, a cell with the only two
Black students in the school). This information should not be publicly reported given the
risk of disclosing the identity of these students.
Calculating the risk rate for different disciplinary actions by racial/ethnic subgroup

This section provides information on how to examine the relationship between race/
ethnicity and disciplinary actions using the rate of disciplinary actions per 100 students.
The current example, using fictitious data, categorizes disciplinary actions into two sub
groups: out-of-school suspensions and in-school suspensions. Table 10 provides a break
down of disciplinary actions for student racial/ethnic subgroups, including the enrollment
percentages for each racial/ethnic subgroup, the unduplicated percentages of all dis
ciplinary actions received within student subgroups, the number of students receiving
out-of-school and in-school suspensions, and the rates of in-school and out-of-school sus
pensions per 100 students. The fictitious data indicate that Black and Hispanic students
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Table 10. In-school and out-of-school suspensions by racial category, fictitious data
Category

Total

White

Black

Number of students enrolled

1,000

400

200

Hispanic
400

Percent of students enrolled

na

40.0

20.0

40.0

Percent of disciplinary actions receiveda

na

24.3

36.1

39.6

Number of students receiving out-of
school suspensions at least once

138

31

54

53

Rate of out-of-school suspensions per
100 students

13.8

7.8

27.0

15.6

Number of students receiving in-school
suspensions at least once

204

54

71

79

Rate of in-school suspensions per
100 students

20.4

13.5

35.5

19.8

na is not applicable.
a. Unduplicated within type of disciplinary action, within subgroups.
Source: Authors’ analysis based on fictitious data.

receive both in-school and out-of-school suspensions at a higher rate than do White
students.
Calculating the frequency of different disciplinary actions and offense types by student racial/ethnic
subgroup

To further explore the relationship between disciplinary actions and student subgroups,
districts may want to examine the disciplinary actions received by each student subgroup
by the type of offense students committed. In the case of students accused of committing
multiple offenses, an explicit rule must be applied, such as defining a student’s offense cat
egory by the most serious offense committed.
Table 11 uses fictitious data to provide information on the relationship among three
variables: disciplinary action, student subgroup, and type of offense. It follows Porowski
et al. (2014) in using two categories of disciplinary actions—out-of-school suspension and
in-school suspension—and three major categories of offenses—attacks, threats, or fight
ing; disruptive behavior; and other. This type of analysis estimates whether some student
subgroups receive exclusionary punishment more frequently than do others for the same
type of student offense. The first row of table 11 shows the percentage of students who
experienced out-of-school suspensions or in-school suspensions for each offense catego
ry (the sum of these percentages is 100 for each offense type). Subsequent rows present
the percentages who experience in-school versus out-of-school suspension for each of the
student racial/ethnic subgroups. The fictitious data indicate that of students who received
out-of-school or in-school suspension for attacks, threats, or fighting, White students have
lower rates (80.5 percent) of out-of-school suspensions and higher rates of in-school suspen
sions (19.5 percent) than all other groups.

16

Examining the
disciplinary actions
received by each
student subgroup
by the type of
offense students
committed can
show whether
some student
subgroups receive
exclusionary
punishment more
frequently than
do others for
the same type of
student offense

Table 11. Percentage of students receiving out-of-school suspension and in-school
suspension, by offense type and race/ethnicity, fictitious data
Attacks, threats,
or fighting

Race/ethnicity

Disruptive behavior

Other

Out-ofOut-ofOut-ofschool
In-school
school
In-school
school
In-school
suspension suspension suspension suspension suspension suspension

Total

83.0

17.0

64.5

35.5

59.9

40.1

White

80.5

19.5

62.4

37.6

65.8

34.2

Black

86.2

13.8

63.8

36.2

58.5

41.5

Hispanic

84.7

15.4

68.9

31.1

55.3

44.7
47.8

Asian/Pacific Islander

87.9

12.1

68.4

31.6

52.2

American Indian/Alaskan Native

88.1

11.9

70.6

29.4

52.3

47.7

Multiracial

91.1

8.9

67.6

32.4

54.6

45.4

Source: Authors’ analysis based on fictitious data.

How to determine whether student academic outcomes differ
by the types of disciplinary actions that students receive
As described earlier, the U.S. Department of Justice Civil Rights Division and U.S. Depart
ment of Education Office for Civil Rights (2014) have issued guidance recommending that
district personnel determine how often exclusionary punishment is used and whether it
is disproportionately administered to certain protected student subgroups. Districts may
want to go beyond these questions to ask more about the relationship between disciplinary
actions and subsequent academic outcomes. In this section, cross-tabulation is presented
as an approach for beginning to understand this relationship. Cross-tabulations are most
appropriate with categorical data (data that have discrete characteristics and can be orga
nized into subgroups, such as student race/ethnicity and letter grades), but continuous data
(data that have continuity and can be examined along a continuum of values, such as age
or test scores) can be collapsed into meaningful categories based on ranges of scores, for
example, and be used in the analysis.
Regression analysis may offer a path for going beyond a descriptive account of the data.
Regression analysis will not permit causal inferences in this context, but it will provide
information about associations or correlations among discipline, offenses, and student
characteristics that may lead to additional investigation into ways disciplinary actions
affect the academic outcomes of students. The findings could inform future studies of the
effects of disciplinary actions and efforts to identify alternative ways to address negative
student behaviors. Regression analysis, including hierarchical linear modeling, may also be
used to better understand the correlation between disciplinary actions and subsequent aca
demic outcomes. For more information on hierarchical linear modeling, see Raudenbush
and Bryk (2002) and O’Dwyer and Parker (2014).
Accounting for missing data is a challenge in quantitative analysis. For example, in an
analysis of the association between out-of-school suspension and state-sponsored test
scores, there will be students who missed the annual test. The same students may have
high absenteeism rates and may experience more disciplinary actions than do students
who regularly attend school. Excluding students with missing test data, a common practice,
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could eliminate from the sample students who have experienced exclusionary disciplinary
action and reduce accuracy of the analysis.
Examining patterns of missing data can help in assessing concerns about missing data.
For example, an analyst could identify students who did take the test and students who
did not, cross-tabulate whether students did or did not take the test by disciplinary actions
received, and review the values for whether there are differences in percentages. To test
whether a difference is large enough that chance fluctuation is not a likely explanation for
the result, a chi-square test can be used. If there is a pattern to the missing data, several
approaches (which are beyond the purview of this guide) can be used to address the issue
(see Allison, 2001, and Puma, Olsen, Bell, and Price, 2009).
A cross-tabulation can also be done between disciplinary action and academic outcomes.
In an example of a cross-tabulation of disciplinary actions and academic outcomes using
fictitious data, the disciplinary action categories are in-school suspension, other inclusion
ary discipline, out-of-school suspension, and other exclusionary discipline (table 12). For
academic outcome, the table uses satisfactory progress to the next grade. Satisfactory prog
ress can be defined different ways, such as whether the student passed all requirements
to progress to the next grade (see appendix C for the SPSS syntax for the analyses in
this section). In the analysis, the total number and percentage of students who advanced
to the next grade, or not, are provided for each of the four disciplinary action categories
and for students who received no disciplinary action. In this example a higher percent
age of students receiving out-of-school suspension (19.6 percent) than of students receiv
ing in-school-suspension (8.3 percent) did not progress in grade level. These students are
unduplicated within disciplinary action category.
Table 12. Students advancing to next grade level by the type of disciplinary action
experienced in the past academic year, fictitious data
Advanced to next
grade level
Disciplinary action

No

Yes

At least one in-school suspension (n = 375)
Number

31

344

Percent

8.3

91.7

At least one other inclusionary discipline (n = 315)
Number

34

281

Percent

10.8

89.2

Number

27

111

Percent

19.6

80.4

Number

a

a

Percent

a

a

Number

38

581

Percent

6.1

93.9

At least one out-of-school suspension (n = 138)

At least one other exclusionary discipline (n = 12)

No disciplinary action (n = 619)

Note: Unduplicated count of students within type of disciplinary action.
a. Suppressed because there are fewer than 10 cases.
Source: Authors’ analysis based on fictitious data.
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Conclusion
As concerns about school discipline and its impact on equity, student success, and school
safety become a greater national priority, district leadership may request analyses of
student-level disciplinary data. The results of such analyses can help district leadership
and others concerned with this issue, such as parents, understand what types of discipline
students receive and for what offenses, whether disciplinary actions are used dispropor
tionately with different subgroups of students, and whether there is a relationship between
type of discipline and later student outcomes. This report provides information to assist
those conducting these analyses and highlights important considerations as districts begin
such empirical investigations.
This report may also serve as a stimulus for examining the way districts define and collect
disciplinary data. The work required to prepare and conduct analyses with existing
student-level district data could expose instances in which data are defined poorly, entered
incorrectly, or left uncollected. Such discoveries could lead to interventions to improve
data quality, such as implementation of improved technology6 or training of data input
personnel that stress the importance of the correctness of these data, especially because
they will be publicly reported.
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Appendix A. Core Planning Group member data
This appendix describes the process of gathering information about student offense and
disciplinary action data from the Regional Educational Laboratory (REL) Northeast &
Islands Urban School Improvement Alliance Core Planning Group members. Members
represent nine midsized urban districts—New Haven, Connecticut; Brockton, Massa
chusetts; Lowell, Massachusetts; Worcester, Massachusetts; New Rochelle, New York;
Rochester, New York; Syracuse, New York; Yonkers, New York; and Providence, Rhode
Island—and one suburban district—Lexington, Massachusetts—in the REL Northeast &
Islands Region.
A query to members sought examples of the types and amounts of student offense and
disciplinary action data collected by districts. Representatives from 8 of the 10 member
districts provided information about the student offense data and disciplinary action data
that they collected, including data codebooks that would describe the data elements. The
data sources were primarily lists of data elements that the districts use to capture student
offenses and disciplinary actions (table A1). In addition, members from Syracuse, New
York, sent the Syracuse Code of Conduct, and members from Rochester, New York, sent
the district’s electronic data entry process for recording student offenses.

Table A1. Summary student offense and disciplinary action data collected by Core
Planning Group member districts, 2015
District
1

Number of student offense categories

Number of disciplinary action categories

86

36

2

81

21

3

92

39

4

53

20

5

42

19

6

60

36

7

59

38

8

66

25

Source: Authors’ compilation based on data reported by Urban School Improvement Alliance Core Planning
Group members in 2015.

A-1

Appendix B. Common checks to reduce data errors
This appendix presents a list of checks that analysts can conduct to reduce data errors
when using disciplinary data. These checks may require information gathering from dis
trict personnel. The checks are:
• Review coding and syntax, especially when results produce outliers or are counter
intuitive. Even a slight misreading of syntax or misreading in transposing data
across files can produce substantial errors. Check the number of students and fre
quencies before and after merging files to ensure that all records are included in
the final dataset.
• Check whether students who were disciplined and also dropped out during the academic
school year are still included in the dataset. District rules may vary on how to count
disenrolled students and other leavers, but because suspension may incentivize
dropping out or leaving, it is important for analyses to include these students. To
avoid undercounting suspensions, it is preferable to use the enrollment data file
from early in the year. Typically, districts use the October date required by the
state or federal government for the child count of students with disabilities.
• Cross-check both the discipline data and the enrollment data for counts of general edu
cation and special education students. Typically, both general education and special
education departments keep data on total enrollment and suspension counts of
students with and those without disabilities, but these department counts can
differ from each other based on the rules the departments use to define enrollment
and suspension. Individual students can also shift categories during the year. Do
the total counts and subgroup counts align?
• Confirm whether the enrollment data used are cumulative or as of a specific
date. If the latter, do the departments use the same date? When counts differ,
it is important that they be reconciled by using the same enrollment dates.
Once the sources are aligned, suspension rates should be recalculated from the
reconciled enrollment data.
• Confirm enrollment rules. For example, one department may subtract students
not in attendance for a full academic year for achievement accountability pur
poses. If the special education and regular education data use different enroll
ment rules, apply one consistent set. If this does not eliminate the disparity,
look for possible errors in data entry, for example duplicate student records. If
a student appears once as having a disability and eligible for special education
and somewhere else as not having a disability, use the more recent student
record and corresponding disability designation after confirming that the
student record was duplicated.
• Determine whether there is variation in the way that student offenses and
disciplinary actions are defined and coded across the district. For example,
do district personnel use consistent definitions for disciplinary actions and
offenses across all departments and schools? Do general and special educa
tion have different rules for determining counts of out-of-school suspensions?
If so, convene the data specialists to reconcile these differences, reduce the
uniform definitions and terms to a formal written policy, and train all relevant
staff on the agreed definitions. Typically there are stricter legal requirements
for counting special education removals (Kendziorski & Winkler, 2012), so
to avoid differences and to ensure full compliance, districts should apply the
special education rules to all students. Doing so also ensures that comparisons
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•
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are valid and large disparities driven by small differences in counting rules are
avoided.
• Finally, where irreconcilable errors are large enough to distort the disci
plinary action rates, report these errors publicly and institute data accuracy
intradepartmental cross-checks at time of entry to prevent the problem from
recurring.
If there are individual student identifiers in the file, reconcile duplicate names and birthdates with their identifier numbers. Develop a consistent method for reporting when
they cannot be reconciled.
Cross-check numbers with publicly reported discipline data. For example, schools and
districts are required to report data on discipline to the U.S. Department of Educa
tion Office of Civil Rights every two years. They are also required to report certain
data to state education agencies each year. If the numbers differ, find out why.
Report unresolved errors in public reports to increase transparency.
Verify how to interpret missing data in the dataset (when possible, distinguish failure to
report data from true zeros—for example, no offense or action occurred). Do not use
a zero when required data were simply not reported by the school. If required data
are unavailable but the field needs to be filled, clearly code it as missing to ensure
that a zero does not mask a problem.
Check that all rates of student offenses or disciplinary actions are 100 percent or less.
Some reasons why they may be over 100 percent include:
• For computing risk rates, the number of discipline actions (for example, sus
pensions) was used instead of the unduplicated number of students receiving
the action.
• Students were included among the counts of suspended students but not
among the enrolled. This can happen if students enter the district or switch
schools after enrollment data were submitted.
• The actual value is 100 percent but baseline enrollment data were rounded
down or the number of suspended students was rounded up.
• A student was suspended both before and after special education eligibility.
• End of year or average yearly enrollment data were used, and many students
suspended during the year subsequently dropped out before the end of the
year.
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Appendix C. SPSS syntax
The steps for producing tables 2–5 and 10–12 in the main text are depicted below using
screen shots from IBM SPSS Statistics (version 19) and the SPSS syntax. Tables 6–9 were
created using Excel, and the calculations are provided within each table. The variable
definitions in table C1 may be used as a codebook to interpret the syntax used to produce
the data tables in this report.

Table C1. Data codebook for variables used in syntax for SPSS
Element name

Variable type

Definition of element

Disc_Any_Bin

Numeric

Binary indicator of any discipline received

Disc_Loss_Bin

Numeric

Binary indicator of exclusionary disciplinary action

Disc_Type_Cat

Numeric

Categorical indicator of type of disciplinary action received

Offense_Type_Cat

Numeric

Categorical indicator of type of offense committed by the student

Race_Eth_Cat

Numeric

Categorical indicator of student’s race/ethnicity

Grade_Progress_Bin

Numeric

Binary indicator of whether the student progressed to the next grade

Source: IBM SPSS Statistics (version 19).
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The syntax used to create table 2: Students with at least one disciplinary action in last academic
year, fictitious data

Step 1: In the drop-down menu for Analyze, select the Frequencies option under Descrip
tive Statistics.

Step 2: Select the variable “Disc_ Any_Bin” and move it into the Variable(s) box. Select
OK.

The following SPSS command syntax can also be used:
FREQUENCIES VARIABLES=Disc_Any_Bin
/ORDER=ANALYSIS.
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The syntax used to create table 3: Types of disciplinary action received, among students who
received any disciplinary action in the last academic year, fictitious data

Step 1: The first step to create table 3 in the main report is to select only students with any
disciplinary action (these students are coded as “1” here). In the drop-down menu for Data,
select the Select Cases option.

Select if condition is satisfied and the condition is Disc_Any_Bin=1 because only students
with any disciplinary action are included in the analysis for table 3.
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Step 2: To calculate the frequencies, select the variable “Disc_Loss_Bin” and move it into
the Variable(s) box. Select OK.

The following SPSS command syntax can also be used:
USE ALL.
COMPUTE filter_$=(Disc_Any_Bin = 1).
VARIABLE LABELS filter_$ ‘Disc_Any_Bin = 1 (FILTER)’.
VALUE LABELS filter_$ 0 ‘Not Selected’ 1 ‘Selected’.
FORMATS filter_$ (f1.0).
FILTER BY filter_$.
EXECUTE.
FREQUENCIES VARIABLES=Disc_Any_Bin
/ORDER=ANALYSIS.
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The syntax used to create table 4: Students with suspensions by type in last academic year,
fictitious data

Step 1: In the drop-down menu for Analyze, select the Frequencies option under Descrip
tive Statistics.

Step 2: To calculate the frequencies, select the variable “Disc_Type_Cat” and move it into
the Variable(s) box. Select OK.

The following SPSS command syntax can also be used:
FREQUENCIES VARIABLES=Disc_Type_Cat
/ORDER=ANALYSIS.
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The syntax used to create table 5: Disciplinary actions by offense and type of disciplinary action,
fictitious data

For table 5 in the main report, cross-tabulations are produced in SPSS and rates based on
the number of disciplinary actions per 100 students for each offense type are calculated in
Excel. The formula for a discipline rate is:
= (number of offenses / total enrollment for group) × 100
where group is equal to number of students who receive the discipline action type.
Step 1: In the drop-down menu for Analyze, select the Crosstabs option under Descriptive
Statistics.

Step 2: To calculate the crosstabs, select the variable “Disc_Type_Cat” and move it into
the Row(s) box, and then select the variable “Offense_Type_Cat” and move it into the
Column(s) box. Select OK.
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The following SPSS command syntax can also be used.
CROSSTABS
/TABLES=Disc_Type_Cat BY Offense_Type_Cat
/FORMAT=AVALUE TABLES
/CELLS=COUNT
/COUNT ROUND CELL.

The syntax used to create table 10: In-school and out-of-school suspensions by racial/ethnic
category, fictitious data

For table 10 in the main report, the cross-tabulations are produced in SPSS and rate per
100 students are constructed in Excel. The formula for a risk rate is:
= (number of students receiving a discipline action/total enrollment for group) × 100
Step 1: In the drop-down menu for Analyze, select the Crosstabs option under Descriptive
Statistics.
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Step 2: To calculate the crosstabs, select the variable “Disc_Type_Cat” and move it into the
Row(s) box, and then select the variable “Race_Eth_Cat” and move it into the Column(s)
box. Select OK.

The following SPSS command syntax can also be used:
CROSSTABS
/TABLES=Disc_Type_Cat BY Race_Eth_Cat
/FORMAT=AVALUE TABLES
/CELLS=COUNT
/COUNT ROUND CELL.
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The syntax used to create table 11: Percentage of students receiving out-of-school suspension and
in-school suspension, by offense type and race/ethnicity, fictitious data

To produce table 11 in the main report, the file is first split, so that the results are produced
and layered by the offense types aggregated in this example. Since the table includes infor
mation for each of the three offense types, the first step is to split the file by Offense_Type_
Cat. The resulting table will appear inverted; however, to replicate the table in the report,
the cross-tabulation should be transposed in Excel or using Pivot Trays in SPSS.
Step 1: The first step for table 11 is to split the file by offense types. In the drop-down menu
for “Data”, select the Split File option.

Step 2: Select “Offense_Type_Cat” and move it into the Groups Based on: box. Select
Compare Groups.
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Step 3: In the drop-down menu for Analyze, select the Crosstabs option under Descriptive
Statistics.
Step 4: To calculate the crosstabs, select the variable “Disc_Type_Cat” and move it into the
Row(s) box, and then select the variable “Race_Eth_Cat” and move it into the Column(s)
box. Select OK.

The following SPSS command syntax can also be used.
SORT CASES BY Offense_Type_Cat.
SPLIT FILE LAYERED BY Offense_Type_Cat.
CROSSTABS
/TABLES=Disc_Type_Cat BY Race_Eth_Cat
/SHOWDIM=2
/FORMAT=AVALUE TABLES
/CELLS=COUNT
/COUNT ROUND CELL.
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The syntax used to create table 12: Students advancing to next grade level by the type of
disciplinary action experienced in the past academic year, fictitious data

Step 1: In the drop-down menu for Analyze, select the Crosstabs option under Descriptive
Statistics.
Step 2: To calculate the crosstabs, select the variable “Disc_Type_Cat” and move it into
the Row(s) box, and then select the variable “Grade_Progress_Bin” and move it into the
Column(s) box. Select OK.7

The following SPSS command syntax can also be used.
CROSSTABS
/TABLES= Disc_Type_Cat BY Grade_Progress_Bin
/SHOWDIM=2
/FORMAT=AVALUE TABLES
/CELLS=COUNT COLUMN
/COUNT ROUND CELL.
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Notes
The authors thank the Core Planning Group for the Urban School Improvement Alliance
for providing information on their student offense and disciplinary action data. They are
grateful to Marco Andrade, Amy Fowler, and David Weinberger for serving on the adviso
ry committee for this study and providing excellent feedback throughout.
1. For more information about the Civil Rights Data Collection, see http://www2.ed.gov/
about/offices/list/ocr/data.html?src=rt/.
2. The federal government has also instituted several reporting requirements relevant to
discipline. For example, legislation requires that each state report “the incidence and
duration of disciplinary actions by race, ethnicity, limited English proficiency status,
gender, and disability category, of children with disabilities, including suspensions of
1 day or more” (see Assistance for Education of All Children with Disabilities, 2008).
Schools and districts must also report a wide range of education data, including on
disciplinary actions, to the U.S. Department of Education Office for Civil Rights every
two years.
3. Similarly, the Council of State Governments consensus report on school discipline
recommends reserving exclusionary discipline as a measure of last resort for addressing
disciplinary issues in school (Morgan, Salomon, Plotkin, & Cohen, 2014).
4. “Analyst” is used in this report to refer to any individual who analyzes data or conducts
research in a district.
5. However, studies have demonstrated that in-school suspension also predicts a wide
range of negative outcomes (Fabelo et al., 2011).
6. For example, districts may examine whether additional safeguards can be used such
as data entry templates that would reject counts of unduplicated suspensions if they
exceed enrollment, or would reject zero values when other inputs indicate that a zero
would not be an acceptable entry.
7. In this example the disciplinary action categories are presented as mutually exclusive,
but that may not always be the case. It could be that some students incurred both
inclusionary and exclusionary disciplinary actions. In this case, binary variables for
each type of disciplinary action would be entered into the Row(s) box.
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